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Invite IEEE SMC Society, Past President Prof. DeBeleung for lectures and exchange visitors guatgure entitled: “Sensitivity Based Gg-

neralization Error Model for Supervised Learningti?ems and Its Applications”. Lecture summaryslaiclassifier technology, we use Localize
Generalization Model (L-GEM) to classify the taigeind we also use the technology on multiple diessystems(MCS), architecture selection,
feature selection, content based image retrieealasitic image classification, intelligent businessiputing bankruptcy prediction and candle s|
stock investment strategy, RFID positioning andatalysis.

Classify the targets just like the e-malil filterclassify junk email or useful email, this is aslwa

example. But sometimes it has some mistakes, aseenultiple classifier systems to improve it, ripldt classifier systems exploit fusion architgc-

ture, it can make system more accurate. On the btived, the architecture selection and featureseteare important for classify the targets, hg
to select the architecture and feature is wortexfore. On image classification, we want to clggsie images are landscape, buildings, animal
human face, these images have different shapé¢ardsacolors. And we also use the technology wastment, it can reduceetinvestment risk ar]

improve the precision. On RFID positioning, L-GEMsIncmake it more accuracy. The classifier systeim®rtant for future life, such as face reg-

ognition, fingerprint, voice, etc., the life can p@vided great convenience, so it is worth mordepth study and discussion.

BEEIEEE SMC Society, Past President Prof. Daneil SINGgR A {EE B BB R XA
B  SEFEEB A: “Sensitivity Based Generalization Error Model Buipervised Learning Problems and Its Application#B B EN T . X &
BARTERL EEHREEE | REKEERTIEHNBOEN , ALocalized Generalization Model (L-GEMB1TE — B2 |,
ZEAEHE  HPORSEBNEE  BERANRE  FRARESRL , FARKRERMKL  RFDEASE. BESBEANEFEY
WO, BRRMUETFBH4ERTSABERMNIBAEAIREY SRR BAEANWEESE , BEERUSEERBRHNEE
BE MZEERESEUCAFASRESHBSRER , BERRUUEARHE , HPEBNIEE  SENEEHESHAREEEEY
MABIRFNEE  RESTFANBHARESRARNN,. SN CEGERALOHE  ANEHEBEFRER. BE. Y. ARS
%, S NRIAL-GEM , EFEEENEGESEETRANESH , SlOFR, HE  $ELESSENS  RUTNAEABEFNEERZ
ARELHEECNEHE. BRHEINEEY , RFDEA , LENERAGIFEALFZERRALENER 7 EHBERELNRE
FABENETRERBRE , REREERE, RFDRERRAEXAFNBELE  tUANALFIREEHELE , EHAEABHE.
PERRFHRRMEETRREEN R , WARYE, BEE,. B3, TEANEE+2EZ , E£EERLTRER AN EF
%, U RRESHEERANHRERS.

BT EREEHEIProf. Yeungtl ST #RIEEE SMC Societyll R R RREE , WIEEBEHMAN S Z , B TFEHERMERBRESTS
BE, WOTBERKD , BMkES2BERZWE , $HIEEE SMC Taipei Chapted B i RE =B,

L-GEM: Applications: Feature Selection

RoFS Method

= Algorithm
1 Let CFS be the Candidate Feature Set and initially

by perturbing all the features.
) by perturbing all the featur
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